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Abstract: Aiming at the problems of complex calculation
process, low efficiency and high energy consumption of the tradi-
tional energy metering multi-dimensional data clustering analysis
algorithm, a set of suitable solutions is designed. The solution is
based on a big data platform for calculation and storage, and multi—
dimensional analysis of electric energy measurement data is car-
ried out through the chaotic correlation dimension clustering analy-
sis method. This method absorbs the advantages of traditional big
data clustering algorithms and chaotic feature extraction, selecte
the first minimum value of the interactive information as the best
time delay and uses the false nearest neighbor algorithm to select
the best embedding dimension u reconstruction phase space. Then,
based on the phase space reconstruction, the chaotic correlation di-
mension characteristics are extracted and the clustering algorithm
is combined to cluster the multi-dimensional data of electric ener-
gy measurement. Experiments prove that the chaotic correlation di-
mension clustering analysis method in this study is highly efficient,
simple in process and low in energy consumption.
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Fig. 1 Architecture diagram of energy metering multi-

dimensional data analysis system
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Table 1 Parameters of electric energy metering multi-
dimensional data sample
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Table 2 Time-consuming comparison of two algorithms for
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Fig. 2 Energy consumption comparison of two algorithms

for clustering
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Fig. 3 Comparison of correlation dimension changes of two

algorithms for clustering
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Fig. 4 Comparison of the accuracy of different methods
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