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) o o ’ ried out to fully mine the characteristics of responsive users, such
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as family attributes, response behavior and power consumption be-

tion strategy is intelligently formulated. Results show that the pro-
posed demand response strategy can accurately identify the resi-
dential demand response participation and reduce the demand re-
sponse incentive cost.
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Fig. 1 Flow chart of key feature extraction and analysis
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Table 1 Importance ranking of contribution characteristics
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Table 2 Forecast results of user invitation
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Fig.2 Key influencing factors of residential response
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Fig. 3 User response prediction
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