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Industrial and commercial load identification method based on normalized three
threshold event detection and LLDA classifier

CHEN Xiao', MA Yunlong', LI Xinjia’, FANG Lei', YAN Yonghui’, YU Wei’
(1. State Grid Jiangsu Electric Power Co., Ltd., Nanjin 210024, China;2. Jiangsu Fangtian Electric Power
Technology Co.,Ltd., Nanjin 210000, China)

Abstract : Non-intrusive load identification technology can obtain the usage of various equipment at low cost, and can monitor and analyze
power load on line, which is of great significance for load forecasting, demand response and other applications. In view of the diversity of
general industrial and commercial users, the variety of loads and the complexity of equipment operation characteristics, anindustrial and
commercial load identification scheme based on normalized three threshold event detection and LDA classifier is proposed, Firstly, a uni-
fied load event detection framework with adjustable parameters is designed for devices with different energy levels and different start-stop
characteristics, which improves the detection accuracy of slow-moving, segmented and oscillating load events. Then an equipment type
identification algorithm based on multivariate features and LDA linear discrimination is proposed, which achieves the same identification
performance as nonlinear classifiers such as random forest while ensuring the computational efficiency of the edge.

Key words: non-intrusive load identification; general industrial and commercial users; event detection; improved three threshold algo-
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