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Research on aggregation regulation process for large-scale air conditioning load

YUE Mengmeng"’, QIU Zejing"?, WU Kaibin'?, WANG Xi"’, WANG Yu'?
(1. Wuhan Efficiency Evaluation Corporation, State Grid Electric Power Research Institute Co., Ltd., Wuhan
430074, China;2. NARI Group Corporation(State Grid Electric Power Research Institute ), Nanjing 210003,
China)

Abstract: In recent years, the demand for electricity continues to grow in China. In order to further deepen the management of electricity
load and effectively ensure the supply of energy and electricity during peak summer (winter), higher requirements have been put forward to
deeply tap the potential of air conditioning load regulation and improve the mechanism of air conditioning load aggregation regulation.
Firstly, the air conditioning load forecasting model and aggregation model from the perspectives of physical modeling and data modeling
are summarized, the applicability of different models is analyzed, and a multi-level aggregation model suitable for large-scale air condition-
ing load is proposed. Then, the current progress in optimizing regulation around regulatory models and strategies is discussed. Finally,

based on the current development situation in China, development suggestions are proposed from the aspects of algorithm fusion, dual car-

bon strategy requirements, and efficient operation of load aggregation systems.
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Table 2 Comparative analysis of artificial intelligence load forecasting methods
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